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Abstract: An improved BP algorithm has been proposed for realization of mulir target recognition. The prin-

ciple follow ed is addition of an alternating momentum factor to the step function, i.e., the step length is

doubled when the gradient directions of two consecutive iterations are the same, and the step length is

halved when the gradient directions of two consecutive iterations are opposite. Due to the adaptive adjust-

ment of step length in the iteration process, error function E approaches the minimum point in different di-

rections on the super curved surface in accordance with the step length to realize the optimization of goal

function. The recognition rates achieved using the improved BP algorithm with optimized goal function are

better than 98%, and the improved BP algorithm’ s convergence speed is fourtimes fast than the conver

gence speed of traditional BP algorithm.
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